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Stop ‘tokenmaxxing’and deploy

Alsensibly instead

M Check for updates

Companies, tech workers and
researchers areinafrenzy toembed
agentic Alinto their workflows,
lockedin aself-imposed race not to
fallbehind. There must be abetter
way to make use of Al technology.

tisonly afewyearsagothatlargelanguage
models (LLMs) emerged and transformed
artificial intelligence (Al) technology. By
now, many Al users have moved on to
agentic Al approaches, in which one or
many LLMs tackle multi-step tasks by access-
ing various tools and databases, and by rea-
soning, planning and collaborating with each
other. Al agentic frameworks can display
seemingly semi-autonomous capabilities in
code writing, financial transactions, clinical
decisionmaking and even scientific discovery.
A recent viral news story highlights how
keen companies are for employees to com-
mittoagentic Al, encouragingthe practice of
‘tokenmaxxing’,inwhich tokens are bits of text
processed by LLMs'. In some cases, companies
even introduced internal leaderboards that
ranked employees by the number of tokens
used. Although token usage is surely not a
good metric for productivity, some believe
itisaneffective way to encourage a changein
mindset, counting on agentic Al to be trans-
formative in every area. In a widely reported
recent quote, Jensen Huang, chief executive
officer of Nvidia, said he expects a high-level
engineer to consume US$250,000 worth of
tokens per month'.

Are there drawbacks to tokenmaxxing?
Of course. Yet the frenzy seems hard to stop,
with few willing to be left behind. Token usage
has exploded this year, fuelled in part by the
rise of OpenClaw, anopen-source, user-friendly
platform designed to run agentic Al applica-
tions continuously. The demand for tokens has
reached fever pitch. However, although much
ofthetechindustry seemstobeindenial, hard
limitsare now being met’. Thereare notenough
datacentres, the ‘tokenfactories’ thatunderpin
the Al rush, or enough electricity, water and
hardware to sustain them. The environmental
costs of building data centres are substantial,
andlocal communities are raising vocal oppo-
sition to further expansion’.

With the cost of Al continuing to rise, and
tech companies struggling to make a profit*,
several firms are beginning to restrict access
to their Al tools or are shutting down plat-
forms altogether. In March, OpenAl abruptly
closed Sora, its video-generation model, only
afewmonths after announcing a US$1-billion
partnership with The Walt Disney company.
GitHub has paused new subscriptions to its
Copilot programming assistant and willmove
to usage-based billing fromJune.

Beyond financial and environmentaliissues,
agentic Al also raises questions about the
potential human implications of outsourc-
ing cognitive skills. Concerns about cognitive
decline have already been raised, rightly or
wrongly, in connection with the widespread
use of chatbots to generate text and write
essays, emails, cover letters and papers,
among other tasks’. With the emergence of

agentic Al systems capable of accessing vast
knowledge bases and specialized tools, exper-
tise across many domains, including scientific
research, can increasingly be outsourced. As
aresult, agentic Almay enable researchers to
move faster or explore new directions, but
it also risks weakening the development of
users’ skillsand domain knowledge.
Ultimately, human ingenuity will remain
essential to deploy agentic Alusefully in scien-
tific applications. Developers of end-to-end
scientific Al workflows typically warn that
human oversight s still required atevery stage®.
This step is much harder than it sounds. A
central challenge will be how to sift through
the output generated by these agentic Al
frameworks — how to validate and decide
what to trust. Prompting models and gener-
ating results is straightforward (until token
budgets run out), but output evaluation is
not. The verification of Al-generated outputs
is imperative for reliable scientific progress
and will almost certainly continue to require
substantial humaninvolvement and effort.
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